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RICERCA, TRASFERIMENTO TECNOLOGICO E SUPPORTO ALLE AZIENDE SUI TEMI FONDAMENTALI
DEI BIG DATA, INTELLIGENZA ARTIFICIALE, ROBOTICA E RIVOLUZIONE DIGITALE\

EXPLAINABLE Al AND FAIRNESS

Eliona Pastor, Elena Baralis, Luca de Alfaro
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ON THE NEED OF XAl DIVEXPLORER - EXPLAINING SUBGROUPS

Evaluation typically considers overall performmance
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Black box models = hide from users the

reasons behind predictions However, the model behavior can differ across
data subgroups

Why Explainable Al?

TR o B pataset
! . FPR=02 — # il 3fiwd i ug ¥ T % vl
N L SR :.':".'.’.' e Vs %,

FAIRNESS TRUST MODEL DEBUG & LAl T
VALIDATION ERROR ANALYSIS 3 Ll income<30

Lower FPR i/ % i « Higher FPR

EXPLAINING MODEL BEHAVIOR SR

Explaining classifier behavior DivExplorer
e LACE - Individual prediction e Automatic identification of subgroups with
e DivExplorer - Data subgroup divergent behavior

Model agnostic = applicable for a generic classifier
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